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Research on signal enhancement algorithm in wavelet domain with
threshold algorithm of free distributed FDR hypotheses test
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Abstract: The main problem of wavelet threshold enhancement algorithm is threshold selection. The universal threshold
proposed by Donoho is not very ideal in practice. According to the method of free distributed FDR hypotheses testing in
statistics, a new threshold algorithm is proposed. Sym4 wavelet function is selected to deal with the noise signal. The
simulation shows that the proposed algorithm has better effects than that of the universal threshold on signal enhancement.
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