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Speech dereverbration based on MCLP using orthogonal NMF

HE Chong, WANG Dong-xia, WANG Xu-dong, JIANG Mao-song
(School of Electronic and Information Engineering, Liaoning University of Technology, Jinzhou 121001, Liaoning, China)

Abstract: In a relatively closed acoustic environment, the speech signals can be severely affected by reverberation, which
degrades the intelligibility of speech and even results in confusion. In order to solve this problem, this paper presents a
new dereverbration algorithm called ONMFMCLP based on the well-known multi-channel linear prediction (MCLP).
This algorithm utilizes the sparse nature of clean speech in the short time spectrum domain to construct the KL opti-
mization problem based on the orthogonal NMF. The iterative rules are given through solving the matrix trace and uti-
lizing the gradient descent method, thereby improving the signal covariance matrix in the MCLP algorithm. Experi-
mental results show that the ONMFMCLP algorithm can achieve a better dereverberation performance compared with
other algorithms.
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Fig.1 The diagram of speech dereverbration based on MCLP
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